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CENTRAL QUESTION

Which aspects ofemantic interpretation  are due to

nredicates’ denotations and which are due to the
denotations of their arguments ?

Focus: temporal interpretation in English nonfinite
embedded clauses.

(Stowell, 1982; Landau, 2001;Wurmbrand, 2001, 2014; Grano, 2012, 2017; Pearson, 2016
2
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What Is the source of this temporal orientation?
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REQUIRES

}

B 1 regieovew of temporal orientation across the lexicon
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A Collect a lexicorscale dataset aflause-embedding
verbs with different possibleembedded structures

A Formalize possible theoretical frameworks as
parameters in a computational model and test on data
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VP

Jo regretted leaving [[ /\ Liregren < T(eave)

leave -ing

(Stowell, 1982; Landau, 200dyrmbrand 2001, 2014Grang 2012) 44



HYPOTHESES
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HYPOTHESES

3. Mixed: temporal orientation depends on both the
predicate and argument type.

JO remembered |eaVIng[[remembeI’ ]] t(remember)< t(leave)

VP
/\ t(leave)< t(remember)
leave -ing
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}

A bleaching method for acceptability judgements, followin
White and Rawlins 2016
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Jowantedto leavein the future. futureoriented

*Jo willwantto leavein the past. pastorienteb
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DATA COLLECTION

NP was  to do something

Someone wagold to do something.

(Pesetskyl 991, Moulton 2009)
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DATA COLLECTION

2208verb/lcomplementpairs in 2 orientations

T

Semantically bleachedf erson singular subject

Lists of 48 sentences, with even distribution of
orientations and randomized item order

10 acceptability judgements per sentence from 869
annotators on Mechanical Turk
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V A way to capture temporal orientation across different
possible verb/structure pairings

A A way to model our hypotheses relative to this data

(White and Rawlins 2016)
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Verb Complement Future Acc. PastAcc.
abhor NP Ved VPing - 0.503955 0.413169
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acclaim NP Ved to VP[+eventive] - 2.549958 - 0.554269
acclaim NP was Ved to VP[ - eventive] 1.382240 -0.742686
add NP Ved VPing 3.664288 - 3.777042
add NP Ved to VP[+eventive] 0.503324 -0.172519
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admit NP was Ved to VP[+eventive] - 1.103509 1.371476
admit NP was Ved to VP[ - eventive] 0.318550 1.463886
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Thank you!

Data Is avallable amegaattitude.io
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